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Abstract

The paper concerns a longitudinal empirical study aiming to establish the relation between certain
factors that facilitate (or sometimes hinder) academic achievement such as motivation to study, the
cognitive strategies employed and the levels of wellness or distress expressed by indicators like anxiety
and depression. It thus aimed to identify the role of these factors on the risk of student drop-out. The
study was carried out on a sample of 68 self-selected students enrolled in various degree courses at
“Roma Tre” University, who had fully completed the three consecutive surveys geared to investigating
their academic experience over a one-year period. The measurement tools used assessed: a) “drop-out
intentions” (Hardre & Reeve Scale, 2003); b) “wellness/distress levels”, (Adult Self-Report ASR;
Achenbach & Rescorla, 2003); c¢) cognitive/study strategies (self-regulated knowledge; Manganelli,
Alivernini, Mallia & Biasi, 2015); d) motivational aspects (Academic Motivation Scale AMS, validated in
Italy by Alivernini and Lucidi (2008). The results show how that the drop-out risk is linked to high levels
of depression or distress, poor competence in cognitive strategies adopted, and high levels of
“Amotivation” and “External Motivation”. On the basis of the above empirical evidence we propose
starting up specific ongoing actions within the university guidance services in order to simultaneously
improve wellbeing through emotional support, redefine decisions in the study path in line with personal
motivation, and develop adequate cognitive strategies to devise a functional study method.
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1. Introduction

It is unfortunate, as we know, that one of the critical features of the Italian university system is the
high drop-out rate as highlighted in the relative survey on school drop-out (Indagine conoscitiva
sulla Dispersione scolastica, Camera dei Deputati, 2014) and also confirmed by more recent data
(Ballarino, 2011; Domenici, 2016, 2017; Burgalassi, Biasi, Capobianco & Moretti, 2016). At the
international level, the interpretations put forward to explain the phenomenon of drop-out risk, which
is widespread in various countries, mainly point to the role of emotional and social factors (Pritchard
& Wilson, 2003; Murai & Nakayama, 2008), as well as motivational factors, the capacity for self-
regulation of knowledge and the levels of self-efficacy developed (Biasi, De Vincenzo & Patrizi,
2017).

As we know, the psychological stress of university students is today an alarming problem on
the rise and can considerably affect both personal development and health as well as academic
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performance (Hunt & Eisenberg, 2010; Stallman, 2010; Storrie, Ahern, & Tuckett, 2010; Geisner,
Mallett, & Kilmer, 2012; Ibrahim, Kelly, Adams, & Glazebrook, 2013; Biasi, Patrizi, Mosca, & De
Vincenzo, 2016). In particular, depression and anxiety are widespread problems experienced by
university students and can compromise academic and social functioning (Hysenbegasi, Hass, &
Rowland, 2005; Russell, & Shaw, 2009; Farrer, Gulliver, Chan, Batterham, Reynolds, Calear, &
Griffiths, 2013; Davies, Morriss, & Glazebrook, 2014; Bukhari & Saba, 2017). A specific analysis of
the literature carried out in 2013 by Ibrahim, Kelly, Adams and Glazebrook, reported a mean rate of
prevalence of depression of 30.6% in students. This review showed how depression among
university students is associated to poor academic performance, instability in relations and suicidal
thoughts and attempts. Many studies which have dealt with these issues from various perspectives
have also investigated the role of variables such as self-regulation of knowledge in positively
influencing student school or academic performance (Richardson, Abraham & Bond, 2012; Diseth &
Kobbeltvedt, 2010; Heikkila et al., 2011) and in preventing university drop-out (De Marco &
Albanese, 2009). We are referring to Pintrich’s self-regulated knowledge model (2004) according to
which it is the cognitive and metacognitive strategies adopted by individuals which enable them to
achieve their learning goals. These strategies lead to learning results in terms of knowledge,
understanding and ability (Vermunt, 1998).

Starting from this construct, recent studies carried out by Biasi, De Vincenzo and Patrizi
(2017) have made use of regression models to show the weight of certain factors predictive of
university student drop-out risk. These include a condition of amotivation to the specific study
undertaken, an inadequate mode of cognitive elaboration and poor perceived self-efficacy. The
study also tried to investigate the role of important new variables expressing the level of
wellbeing/distress (such as anxiety, depression and somatization) which, along with other
motivational aspects and the cognitive strategies adopted by students, can have considerable
influence in developing university drop-out risk. Bearing in mind that in the literature (Hysenbegasi,
Hass & Rowland, 2005; Russell & Shaw, 2009; Stallman, 2010; Hunt & Eisenberg 2010; Buchanan,
2012; Geisner, Mallett, & Kilmer, 2012; Ibrahim, Kelly, Adams & Glazebrook, 2013; Bukhari & Saba
2017), anxiety, depression and abuse of hallucinatory substances negatively affect levels of
wellbeing and have negative effects on academic performance, and considering — as said above —
that many studies indicate how important it is for students to adopt specific effective cognitive
strategies to facilitate learning, we considered it important to develop an empirical procedure to test
the mutual influence of these variables (“levels of wellbeing” — “typology of study motivation” —
“cognitive strategies adopted during the learning process”) in favouring or inhibiting academic
achievement.

As regards the relations between drop-out risk, the main cognitive strategies and study
motivation, the relations already found in previous studies were effectively confirmed through the
present study over the 12 months of its operation (Biasi, De Vincenzo & Patrizi, 2017): the role of
the indicated variables was thus established through confirmative analysis and their constant effect
over time was also found.

With regard to motivational aspects, we also considered of particular importance the issue of
motivation intrinsic to the type of study which gives substance to the university course chosen — an
aspect which can be faced through adequate ongoing guidance interventions. In this regard, the
effectiveness of motivational guidance interviews has already been experimentally demonstrated by
Biasi, Patrizi, De Vincenzo & Mosca (2017), both to promote the level of individual emotional
wellbeing and to facilitate academic achievement of students who also face study delay which is
also a drop-out risk factor. Within this experimental study, before and after the interview period,
some questionnaires were administered to the participants, including the OQ-45 of Lambert and Hill
(1994; Lo Coco, Chiappelli, Bensi, Gullo, Prestano, & Lambert, 2008). The participants were
divided into an experimental group (80 students who completed the first academic semester) and a
control group (52 students put on a waiting list for the guidance session in the following semester).
After describing the participants’ characteristics (age, degree course attended, main areas of
distress), their significant reduction of stress symptoms and other relational problems following the
guidance sessions was highlighted. The data obtained confirmed the effectiveness and good
stability of the effects of the intervention during the follow-up session. Compared to the control
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group, the students who followed the guidance process had a significant resumption of their
studies. On the basis of these data, we can say that offering ongoing motivational and guidance
services within the formal University Guidance Services can effectively be one of the many
initiatives taken to facilitate academic achievement. These educational re-guidance processes
could be made available to students requesting them and can operate alongside other kinds of
didactic support — according to the student’s needs — such as the offering of credit recovery courses
as well as individualized online tutoring and/or didactic strategies.

2. An Empirical Study Carried out at “Roma Tre” University
2.1 Aims, Methods, Procedure, Participants

The present longitudinal study aimed to establish the relation between certain factors facilitating
university students’ academic achievement such as motivation to study, the cognitive strategies
adopted and the levels of wellbeing or distress expressed by anxiety, depression and somatization
indicators. The specific aim of this study thus consisted of identifying the role of these factors in
influencing the risk of drop-out in order to devise preventive and/or coping strategies through
specific ongoing university guidance services. To achieve these aims, on the basis of the
theoretical framework and the research literature on the topic, a longitudinal study was carried out
(with three consecutive surveys, the second two at 6- and 12-month intervals from the first). The
responses given by 68 students were taken into examination. The students were enrolled in “Roma
Tre” University’s various degree courses and they agreed to take part in a broad online survey
promoted by the University Counselling and Guidance Service. They completed the three
consecutive surveys geared to assessing their academic experience over a year. The first survey
was carried out between January and March 2015, the second between July and September 2015
and the third between November 2015 and January 2016. The mean age of the students involved
was 22 years and 2 months (SD = 5.76); 57.4 % of the participants were female (39) and 42.6%
were male (29). The mean age of the male students was 22 years and 8 months (SD=6.11), while
that of the female students was 21 years and 8 months (SD=5.54). All 68 students were ltalian.

Most of the participants (88.2%) reported having gone to a scientific or humanistic high
school, while 11.8% said they had attended a technical secondary school. The average grade
obtained in the school-leaving examination was 84/100 (SD= 14.04); 72.1% of the students (49)
were enrolled in an undergraduate degree course while 27.9% were enrolled in a master’s degree
course or in a five-year undergraduate program. Table 1 shows the details of the study’s
participants according to their degree courses, faculties or departments.

Table 1. Degree courses of the participating students: distribution of absolute and percentage
frequencies

F %
Engineering 14 20.6
Education 13 19.1
Languages 8 11.8
Humanities 7 10.3
Economics 7 10.3
Law 6 8.9
Political Science 6 8.9
Communication 2 29
Physics 2 29
Optics 2 2.9
Geology 1 1.4

In the first survey, 85.3% of the students reported being “on schedule” with their studies while
14.7% (10) said they were “behind schedule”. On the other hand, in the third survey, 94.1% of the
students were on schedule (64) while 5.9% (4) were behind schedule. The mean grade obtained in
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examinations by the whole sample of university students was 26.02 out of 30 (SD=3.28). With
regard to the number of hours dedicated to study, 44.1% of the participants reported devoting 3-4
hours a day, 29.4% reported 5-6 hours a day, 13.2% reported 1-2 hours a day, 5.9% reported 7-8
hours a day, 5.9% reported less than 1 hour a day, and 1.5% reported over 8 hours a day. With
regard to lesson attendance, instead, 33.8% reported they had attended about 75% of their
lessons, 32.4% reported attending about 100% of their lessons, 8.8% of the students reported 50%
or 25% attendance, while 16.2% said they had not attended any lessons.

2.2 Measurements

As well as gathering data on the participants’ demographics, cultural background and average
grades in university examinations until then, the study also used some measurement tools to
assess other constructs as follows:

2.2.1Intentions of dropping out

The students’ intentions with regard to continuing their education or dropping out of university were
measured with items deriving from Hardre and Reeve’s scale (2003). In the original version, the
researchers took their cue from the version by Vallerand, Fortier and Guay (1997) to assess the
students’ intentions to continue or abandon their studies. In the present study, the students were
asked the frequency with which they “think they have made a mistake in choosing their degree
course”, “think of quitting their degree course”, “think of changing their degree course”, “think of
dropping-out of university to do something else”. For each of the four items, the students’ answers
were evaluated on a 5-point Likert scale ranging from 1 (Never) to 5 (Always or nearly always) (cf.
Biasi, De Vincenzo & Patrizi, 2017). The Cronbach alpha coefficient was high (.79).

2.2.2 L evels of wellbeing/distress assessed by means of the Adult Self Report (ASR) subscales

Depression, anxiety and somatization symptoms were assessed by means of the DSM-oriented
subscales of the Adult Self Report (Achenbach & Rescorla, 2003) that focused on the problem
behaviours experienced over the last month. The scale consists of the items of the Adult Self
Report which researchers of various cultures have identified as in line with the DSM IV categories
(Achenbach, Dumenci & Rescorla, 2003) and previously employed in the Italian context (Lombardo,
Mallia, Battagliese, Grano & Violani, 2013). The ASR scales evaluate the presence of symptoms of
depression or anxiety, somatic complaints, problems of avoidance personality, attention
deficit/hyperactivity, and problems due to an antisocial personality. The present study considered
the subscales concerning the presence of symptoms of anxiety, depression and somatization. The
responses for each item were assessed on a 3-point scale: 0 (“Not true”), 1 (“A little or sometimes
true”) and 2 (“Very or often true”), with higher scores indicating a greater problem in these
dimensions. Achenbach, Bernstein & Dumenci (2005) demonstrated a good internal consistency for
the subscales relating to depression symptoms (0=.79), anxiety symptoms (0=.71), somatic
problems (a=.74), problems due to avoidance personality (a=.69), problems due to attention deficit
or hyperactivity (a=.80) and problems due to an antisocial type personality (a=.76). Cronbach alpha
reliability values were high: .89 for the “Depression” subscale, .72 for “Anxiety” and .75 for
“Somatization”.

2.2.3Cognitive/study strategies (Self-regulated knowledge) / “Self-Regulated Knowledge Scale —
University” (SRKS-U)

The cognitive strategies adopted were assessed by means of the Self-Regulated Knowledge Scale
- University (SRKS-U) which was developed on the basis of Pintrich’s theory of self-regulated
knowledge and validated in Italy by Manganelli, Alivernini, Mallia and Biasi (2015). The scale was
used to measure the frequency with which students implement different cognitive strategies and
consists of a 5-point scale (1= Never; 2= Rarely; 3= Sometimes; 4= Often; 5= Always or nearly
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always). Its good psychometric properties were assessed in a recent study on a broad sample of
Italian university students; Cronbach’s alpha for the SRK subscale varied in this study from .80
(knowledge extraction) to .70 (knowledge monitoring) (Manganelli et al., 2015). The SRKS-U
consists of five subscales, each composed of three items which answer the question “When
studying, how often do you do the following?”. The five subscales evaluate the use of the following
cognitive processes: Knowledge Extraction (frequency with which students select information they
consider more important); Knowledge Networking (frequency with which students try to connect
new knowledge with what they already know); Knowledge Practice (frequency with which students
implement their knowledge); Knowledge Critique (frequency with which students question
themselves and criticize what they learn, gaining their own idea); Knowledge Monitoring (frequency
with which students monitor their own knowledge). The scale initially consisted of 30 items, but only
the 15 best items were later included in the final version of the scale. Cronbach’s alpha was high: it
was .76 for the Knowledge Practice subscale, .85 for Knowledge Extraction, .83 for Knowledge
Critique, .82 for Knowledge Networking and .75 for Knowledge Monitoring.

2.2.4 Motivation to study assessed through the “Academic Motivation Scale”

Motivation to study was assessed by means of the Academic Motivation Scale developed within the
Self-Determination Theory (Vallerand, Pelletier, Blais, Briere, Senecal, & Vallieres, 1992, 1993) and
validated in Italy by Alivernini and Lucidi (2008). The Italian version of the scale demonstrated good
psychometric properties and Cronbach’s alpha for the relative subscales ranges from .91 (External
Regulation) to .73 (Amotivation). The scale consists of five subscales, each composed of four items
which are answers to the question “Why are you attending the degree course you are enrolled in?”
The five subscales assess: the lack of motivation indicated as “Amotivation”: (typical answers
include: “I honestly don’t know” or “I feel I'm wasting my time in school”); External Regulation (“To
get a more prestigious job later”); Introjected Regulation (“Because when | do well in school, | feel
important”); Identified Regulation (“Because | think a high school education will help me to best
prepare for the career path | have chosen”); Intrinsic Regulation (“Because | get pleasure and
satisfaction from learning new things”). The choice of answers for each item are assessed on an
11-point scale ranging from 0 (“Not at all true”) to 10 (“Completely true”). In this study, Cronbach’s
alpha ranged from .57 (Amotivation) to .91 (External Regulation).

3. Results
3.1 Data Processing of the variables Anxiety, Depression, Somatization and Drop-out Risk

Correlations were made to evaluate the relation between drop-out risk and the subscales
concerning symptoms of anxiety, depression and somatization of the Adult Self Report for all three
surveys. Table 2 shows that the first survey has a significant positive correlation between drop-out
risk and anxiety (res = .421; p < .001), between drop-out risk and depression (res = .395; p < .001)
and between depression and anxiety (res = .742; p < .001). Hence, the greater the drop-out risk, the
higher the scores for anxiety and depression obtained in the first survey. Moreover, higher anxiety
scores are correlated with higher depression scores.

Table 2. Correlations between Drop-out Risk, Anxiety and Depression at time T1

T1 T LK

™ Drop-Out Risks Anxiety Depression Somatization

Pearson’s Correlation 1

T1 Drop-Out Risk Sig. (2- tailed)
N

68
T1 Anxiet Pearson’s Correlation 4217 1
y Sig. (2- tailed) .000
N 68
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T1 Depression Pearson’s Correlation .395** .742* 1
Sig. (2- tailed) .001 .000
N 68 68
T1 Somatization =~ Pearson’s Correlation 175 .584** .585** 1
Sig. (2- tailed) n.s. .000 .000
N 68 68 68

The same relation can be found also in the second survey (Table 3). Thus, the greater the drop-out
risk, the higher the scores for anxiety (res = .287; p < .05) and depression (res = .404; p< .001)

obtained in the second survey.

Table 3. Correlations between Drop-out Risk, Anxiety and Depression at time T2

T2

Drop-Out Risk T2 Anxiety T2 Depression T2 Somatization

., Pearson’s Correlation
T2 Drop-Out Risk Sig. (2- tailed)
N
. Pearson’s Correlation
T2 Anxiety Sig. (2-tailed)
N
Pearson’s Correlation
Sig. (2- tailed)
N

T2 Depression

Pearson’s Correlation
Sig. (2- tailed)
N

T2 Somatization

1

68
.287 1
017
68
404** .694** 1
.001 .000
68 68
-.008 .621** .694** 1
n.s. .000 .000
68 68 68

Instead, in the third survey the drop-out risk no longer correlates with anxiety scores, but continues
to be associated with depression scores (rss = .495; p <.001) (Table 4). Hence, in the third survey, a
greater drop-out risk is associated with greater depression symptoms.

Table 4. Correlations between Drop-out Risk, Anxiety and Depression at time T3

T3 Drop-Out Risk T3 Anxiety T3 Depression T3 Somatization
. Pearson’s Correlation 1

T3 Drop-Out Risk Sig. (2-tailed)

N 68
. Pearson’s Correlation 213 1

T3 Anxiety Sig. (2- tailed) ns.
N 68

T3 Depression Pearson’s Correlation .495** 714* 1
Sig. (2- tailed) .000 .000
N 68 68

T3 Somatization Pearson’s Correlation A79 .528** 428** 1
Sig. (2- tailed) n.s. .000 .000
N 68 68 68

As regards somatization, no significant correlations were found with drop-out risk in the various
times surveyed (T1: res = .175, n.s.; T2: ree = -.008, n.s.; T3: res = .179, n.s.). However, somatization
correlated positively in the various times with anxiety (T1: res = .584, p < .001.; T2: rgg = .621, p <
.001.; T3: reg = .528, p < .001.) and with depression (T1: reg = .585, p < .001.; T2: reg = .694, p <

.001.; T3: rgg = .428, p < .001.).
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In summary, the results showed how a greater drop-out risk initially correlated significantly with
higher anxiety and depression scores. In the third survey, conducted one year later, the drop-out
risk strictly correlated only with depression, as the most important variable.

Some repeated measure ANOVAS were carried out to compare the scores obtained by the 68
participants in the various dimensions of the Adult Self-Report (anxiety, depression and
somatization) across the three different surveys. In this regard, we noted a statistically significant
effect for “Anxiety” in the three surveys (Fz134= 3.372; p<.05) in the sense of a progressive
decrease of anxiety scores obtained in the first survey (M=13.69 DS=2.74) compared to those
obtained in the third survey (M=12.98 DS= 2.63) (cf. Table 5).

Table 5. Means and Standard Deviations for the “Anxiety” variable in the three surveys

Mean Standard Deviation N
Anxiety T1 13.69 2.74 68
Anxiety T2 13.45 2.94 68
Anxiety T3 12.98 2.63 68

As regards scores for “Somatization”, there was no statistically significant difference across the
three surveys (T1=13.16; T2= 13.07; T3= 12.96 F= .246, n.s.; cf. Table 6).

Table 6. Means and Standard Deviations for the “Somatization” variable in the three surveys

Mean Standard Deviation N
Somatization T1 13.16 2.98 68
Somatization T2 13.07 2.76 68
Somatization T3 12.96 2.64 68

Even with regard to scores for depression, there was no statistically significant difference across
the three surveys (T1=20.78; T2= 21.12; T3= 21; F= .288, n.s.; cf. Table 7).

Table 7. Means and Standard Deviations for the “Depression” variable in the three surveys

Mean Standard Deviation N
Depression T1 20.78 5.69 68
Depression T2 21.12 6.57 68
Depression T3 21.00 5.79 68

In short, drop-out risk, as shown above, appears significantly correlated especially to high and
constant levels of depression, which are — as we know — an important form of distress or harmful
stress with negative effects on performance, including academic performance.

With regard to anxiety, instead, as illustrated above, it appeared significantly correlated at the
start of the surveys, but it did not remain constant across the three surveys. Hence, it carries less
weight over time in co-determining drop-out risk.

3.2 Data processing concerning the variables of Cognitive Strategies, Motivation to study and
Drop-out risk

Correlations were made to assess the relation between drop-out risk and cognitive strategies used
by students and drop-out risk and motivation to study for all three consecutive surveys. As regards,
cognitive strategies, table 8 shows that at time T1 there was no statistically significant relation with
drop-out risk.
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Table 8. Correlations between drop-out risk and cognitive strategies at time T1

Cognitive Strategies T1 Drop-Out
. Pearson’s Correlation -.160
T1 Extraction Sig. (2- tailed) n.s.
. Pearson’s
T1 Critique Correlation .160
Sig. (2-tailed) n.s.
T1 Practice Pearson's -115
Correlation
Sig. (2- tailed) n.s.
. Pearson’s
T1 Networking Correlation -.58
Sig. (2- tailed) n.s.
I Pearson’s
T1 Monitoring Correlation -.184
Sig. (2- tailed) n.s.

At time T2 (cf. Table 9) there was a statistically significant negative correlation between drop-out
risk and Knowledge Practice (res = -.367; p < .001) and between drop-out risk and Knowledge
Monitoring (res = -.275; p < .05). Hence, the greater the drop-out risk, the lower the students’ scores
for Cognitive Strategies with regard to Knowledge Practice and Knowledge Monitoring.

Table 9. Correlations between drop-out risk and cognitive strategies at time T2

Cognitive Strategies T2 Drop-Out
. Pearson’s Correlation -.119
T2 Extraction Sig. (2- tailed) n.s.
T2 Critique Pearson’s Correlation .017
Sig. (2- tailed) n.s.
T2 Practice Pearson’s Correlation -.367*
Sig. (2- tailed) .002
T2 Networking Pearson’s Correlation -.158
Sig. (2- tailed) n.s.
T2 Monitoring Pearson’s Correlation -.275*
Sig. (2- tailed) .023

Even in the third survey (cf. Table 10) there was a statistically significant negative correlation
between drop-out risk and Knowledge Practice (res = -.375; p < .001) and between drop-out risk
and Knowledge Monitoring (res = -.278; p < .05). Thus, the greater the drop-out risk, the lower the
scores obtained for Cognitive Strategies with regard to Knowledge Practice and Knowledge

Monitoring.

Table 10. Correlations between drop-out risk and cognitive strategies at time T3

Cognitive Strategies T3 Drop-Out
. Pearson’s Correlation -.191
T3 Extraction Sig. (2-tailed) n.s.
T3 Critique Pearson’s Correlation -.012
Sig. (2-tailed) n.s.
T3 Practice Pearson’s Correlation -.375*
Sig. (2-tailed) .002
T3 Networking Pearson’s Correlation -.169
Sig. (2-tailed) n.s.
Pearson’s Correlation -278*
Sig. (2-tailed) .022
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In sum, the greater the drop-out risk, the lower the scores obtained for Cognitive Strategies with
regard to Knowledge Practice and Knowledge Monitoring across the two last surveys (i.e. at time
T2 and T3). This means that these students do not functionally use the various cognitive strategies
during the learning process and need to develop these very skills concerning self-regulated
knowledge.

With regard to motivation to study, we can see that at time T1 (cf. Table 11) there is a positive
correlation between drop-out risk and Amotivation (res =.353; p < .001), between drop-out risk and
External Motivation (res = .270; p < .05), and between drop-out risk and Introjected Motivation (res =
.246; p < .05). Hence, a greater drop-out risk is correlated in particular with greater Amotivation
scores as well as greater levels of External Motivation and Introjected Motivation.

Table 11. Correlations between drop-out risk and motivation to study at time T1

Motivation to study T1 Drop-Out
. Pearson’s Correlation .270*
T1 External Motivation Sig. (2-tailed) 026
T1 Introiected Motivation Pearson’s Correlation .246*
Sig. (2-tailed) ,043
T1 Amotivation Pearson’s Correlation .353**
Sig. (2-tailed) .003
T1 Identified Motivation Pearson’s Correlation .008
Sig. (2-tailed) n.s.
T1 Intrinsic Motivation Pearson’s Correlation -.187
Sig. (2-tailed) n.s.

As regards the second survey (cf. Table 12), there was a statistically significant positive relation
between drop-out risk and Amotivation (res = .545; p < .001). Understandably, there was a
statistically significant negative relation between drop-out risk and identified motivation (res = -.371;
p < .001) and between drop-out risk and intrinsic motivation (res = -.334; p < .05). Hence, greater
drop-out scores are correlated with higher Amotivation scores and, predictably, with lower Identified
Motivation and Intrinsic Motivation scores.

Table 12. Correlations between drop-out risk and motivation to study at time T2

Motivation to study T2 Drop-Out
T2 External Motivation Pfaarson S Correlation 142
Sig. (2-tailed) n.s.
T2 Introiected Motivation Pearson’s Correlation .028
Sig. (2-tailed) n.s.
T2 Amotivation Pearson’s Correlation .545**
Sig. (2-tailed) ,000
T2 Identified Motivation Pearson’s Correlation -371**
Sig. (2-tailed) ,002
T2 Intrinsic Motivation Pearson’s Correlation -.334**
Sig. (2-tailed) ,005

With regard to the third survey (cf. Table 13), there were statistically significant positive relations
between drop-out risk and Amotivation (res = .628; p < .001) and between drop-out risk and
External Motivation (res = .443; p < .001); on the other hand, there was a statistically significant
negative correlation between drop-out risk and Identified Motivation (res = -.491; p < .001) and
between drop-out risk and Intrinsic Motivation (res = -.489; p < .001) (see table 5).
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Table 13. Correlations between drop-out risk and motivation to study at time T3

Motivation to study T3 Drop-Out
L. Pearson’s Correlation .443*
T3 External Motivation Sig. (2-tailed) 000
T3 Introiected Motivation Pearson’s Correlation .021
Sig. (2-tailed) n.s.
T3 Amotivation Pearson’s Correlation .628**
Sig. (2-tailed) .000
T3 Identified Motivation Pearson’s Correlation -491**
Sig. (2-tailed) .000
T3 Intrinsic Motivation Pearson’s Correlation -.489**
Sig. (2-tailed) .000

In short, the third survey also confirmed greater drop-out scores correlated to higher Amotivation
and External Motivation scores and, at the same time, to lower Identified Motivation and Intrinsic
Motivation scores. These correlations highlight a motivational type problem for students who
develop drop-out risk linked primarily to an incoming deficit in guidance with regard to their initial
choice of degree course, as is borne out by their more frequent answers to the question “Why are
you attending the degree course you are enrolled in?” The following answers stand out in this
regard: “I honestly don’t know” and “I feel I'm wasting my time in school”.

4. Conclusions and Discussion

In conclusion, the longitudinal data presented in this contribution confirm the existence of a strict
correlation between drop-out risk and symptoms of anxiety and depression: a greater drop-out risk
is significantly correlated to higher anxiety and depression scores obtained by the group of
university students in a first survey (at so-called time T1). The longitudinal study showed how these
very same students showed a drop-out risk strictly correlated to depression, but not to anxiety, in a
third survey carried out one year later (at so-called T3). It was thus found that there was a
significant decrease in anxiety scores between the first and third survey, while depression levels
remained constant and high. With regard to somatization, instead, there were no significant
correlations with drop-out risk across the three surveys of the study. We can thus establish that the
“Depression” variable is a stable and constant dimension in the risk of student drop-out.

Finally, some correlations were made to assess the relation between drop-out risk and the
cognitive strategies used by students and between drop-out risk and motivation to study for all three
surveys. In short, the greater the drop-out risk, the lower the scores obtained by students with
regard to Cognitive Strategies of Knowledge Practice and Knowledge Monitoring: this relation was
confirmed in the two final surveys. With regard to motivation to study, it was seen how at time T1,
greater drop-out scores correlated with higher Amotivation scores and, predictably, with lower
Identified Motivation and Intrinsic Motivation scores. In sum, at the end of the three surveys, i.e. one
year after the start of the longitudinal study, we confirmed that greater drop-out scores correlate
with higher Amotivation and External Motivation scores and, at the same time, with lower Identified
Motivation and Intrinsic Motivation scores. In conclusion, drop-out risk is particularly correlated to
high levels of depression (distress), on the one hand, and to poor skills with regard to Cognitive
Strategies of Knowledge Practice and Knowledge Monitoring and to high levels of Amotivation and
External Motivation, on the other.

At the interpretational level, we can thus state that, according to our data, the greatest
difficulties encountered when starting university life are particularly due to a deficit in guidance for
incoming students with evident deficits in motivation with regard to the specific study path chosen.
There is also a deficit in adopting adequate cognitive strategies for self-regulated knowledge that
combines with a fragile emotional state already characterized by growing levels of anxiety and
depression. All this does not allow students to pursue academic success and already one year later
we find how thoughts of dropping out of university build up to a situation of real risk of dropping-out.
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The student’'s awareness of all this probably leads to a decrease in anxiety levels — i.e. to less fear
and uncertainty with regard to possible academic results — but leaves an ongoing condition of
depression which introduces and attitude of resignation and of abandonment of pursuing one’s
goals.

In this delicate period of study there is actually much that can be done to help and support
students to reduce their levels of distress, which largely generates high levels of depression.
Specific actions in this regard have been implemented through such channels as university
counselling and guidance services, which are crucial in giving students the opportunity to obtain
emotional support and a greater awareness of their own skills and aptitudes (Buchanan, 2012;
Monti, Tonetti & Ricci Bitti, 2014; Biasi, Mallia, Menozzi & Patrizi, 2015; Biasi, Cerutti, Mallia,
Menozzi, Patrizi, & Violani, 2017). Biasi, Patrizi Mosca and De Vincenzo (2016) recently
demonstrated the effectiveness of a university counselling service for 66 students who made use of
it (the experimental group), who showed lower psychological distress, including anxiety and
depression, at the end of the intervention compared to a control group of 44 students on a waiting
list who, for organisational reasons, could make use of the service only in the following semester.
Positive effects were also recorded with regard to recovering their academic study path for the
experimental group compared to the control group.

Particularly effective within the university services provided to students was the University
Counseling Service for Ongoing Guidance, conducted through specific guidance interviews (Biasi,
Patrizi, De Vincenzo & Mosca, 2017) in order to favour an actual recovery of study paths. In this
case, 80 students took part in these guidance interviews (the experimental group) and achieved a
statistically significant resumption of their study paths at the end of the intervention compared to a
control group of 52 students who were on a waiting list to use the same service during the following
semester. These counselling actions are effective when they focus on both emotional support and
re-guidance processes geared to real individual motivation and to the development of more
effective cognitive strategies for their studies.

On the basis of the evidence obtained thus far, we deem it useful to approach incoming
student guidance more systematically in order to face the possible risk of future drop-out. This can
be done by establishing contacts with high schools and especially by creating specific interventions
within ongoing university guidance services that can act simultaneously to improve levels of
wellbeing through emotional support, to redefine choices of study paths in line with personal
motivation and the gaining of awareness in this regard also through forms of empowerment in order
to strengthen the perception of self-efficacy, and to develop adequate cognitive strategies and self-
regulated knowledge by devising a functional study method.
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